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This study investigates how disclosed AI-generated sales 
communication shapes trust among technical purchasers in the 
early stages of business relationships. A vignette experiment shows 
that, while disclosed AI communication can build trust in reliability 
and usefulness when messages are consistent and relevant, it is 
counterproductive in affective, trust-sensitive contexts.
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Despite increasing investments in lead generation, for example 
through trade fair appearances or targeted marketing mea-
sures, studies show that around 70% of business-to-business 
(B2B) sales contacts are not followed up on (Sabnis et al., 2013). 
This “black hole” of sales leads can be attributed to several 
factors, particularly the high time pressure in sales. Employees 
primarily focus on maintaining existing customer relationships 
and are also heavily burdened with administrative tasks (Ko-
ponen et al., 2025; Terho et al., 2022). However, it is crucial to 
make timely contact (within 24 to 48 hours), especially with 
leads who have already signaled interest, in order to continue 
relationship building (Terho et al., 2023).

To address this problem, the use of generative artificial in-
telligence (AI) in sales is increasingly coming into focus. A 
McKinsey study shows that generative AI is currently used 
primarily in marketing and sales (Chui et al., 2023), and 92% 
of organizations plan to increase their AI investments over 
the next three years (Mayer et al., 2025). As early as 2018, Syam 
and Sharma (2018) described AI and machine learning as the 
fourth industrial revolution. According to Bomke et al. (2024), 
almost all DAX and MDAX companies are currently relying 
on proprietary GPT (generative pre-trained transformer) 
solutions or are actively implementing corresponding proj-
ects. The OECD (2024) defines AI as a machine-based system 
that draws conclusions from inputs, for example in the form 
of predictions, recommendations or content, to influence 
environments and make decisions. In the sales context, this 
means that AI can free up employees from repetitive tasks 
such as creating follow-up messages. Systems can automat-
ically generate content, optimize language, and choose the 
best time to send messages (Gasser & Mäder, 2022; Paschen 
et al., 2020). This can lead not only to greater sales efficiency, 
but also to more professional and consistent communica-
tion (Chatterjee et al., 2022). AI-supported assistance with 
wording and timing benefits less experienced employees in 
particular (Hautamäki & Heikinheimo, 2025; Rusthollkarhu 
et al., 2022). According to Iyer et al. (2025), increased agility – 
i.e., faster responses to customers, better recognition of new 
opportunities, and adaptive communication – also improves 
sales performance. 

In addition, Dondapati et al. (2022) show that AI not only 
increases customer satisfaction through rapid order process-
ing, but can now also address the relationship level through 
targeted communication. Since B2B sales is less about pure 
product promotion and more about solving specific customer 
problems (Järvinen & Taiminen, 2016), AI is particularly use-
ful because it combines the functional expertise of technical 
employees with the communicative strengths of marketing 
and makes this synergy scalable. Therefore, companies are 
increasingly implementing embedded AI, which is integrated 

into customer relationship management systems and automat-
ically generates content while accessing company-specific data 
(Glikson & Woolley, 2020). 

At the same time, despite all the aforementioned advantages of 
AI in sales, the question arises as to how potential customers 
perceive the use of such systems and AI-generated content. After 
all, the role of B2B sales goes beyond mere efficiency: it is about 
building rapport, nurturing relationships and, above all, estab-
lishing trust – particularly with technical purchasers within the 
broader buying center (Elhajjar et al., 2024; Markic et al., 2024).

Perception of Trust in 
Communication  
Buyer–seller relationships can be understood as a process that 
evolves over time. According to Dwyer et al. (1987), this pro-
cess comprises five phases: awareness, exploration, expansion, 
commitment and dissolution. This study focuses on the partic-
ularly critical phase of trust building in a customer relation-
ship: the exploration phase, during which potential business 
partners exchange initial experiences, build the relationship, 
and decide on a possible collaboration (Akrout & Diallo, 2017). 
During this early phase, there is a high degree of uncertainty 
regarding the intentions, capabilities, and integrity of the other 
party (Claycomb & Frankwick, 2010). Trust acts as a compen-
sating factor that can bridge the gap of missing information, 
especially when complex and difficult-to-evaluate offers are 
involved, as is often the case in B2B (Valtakoski, 2015). Trust is 
understood as the willingness to show vulnerability to another 
party in the expectation that they will behave in accordance 
with one’s expectations (R. C. Mayer et al., 1995). Studies show 
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that trust in a B2B context increases not only satisfaction, but 
also loyalty and willingness to buy (Arthur et al., 2024; Doney 
& Cannon, 1997). Trust enables more efficient cooperation 
and is a central prerequisite for the development of long-term 
business relationships (Gundlach & Cannon, 2010; Morgan 
& Hunt, 1994). In order to define the concept of trust more 
precisely, the literature distinguishes between two basic di-
mensions: affective trust and cognitive trust (McAllister, 1995). 
Affective trust describes emotional bonds, such as those that 
arise through personal closeness (Mayer et al., 1995; Schmitt 

et al., 2025). In the B2B context, the literature emphasizes the 
interpersonal level of trust. This refers to individual people, 
such as sales contacts, and is based on emotional factors, such 
as empathy or commitment (Ashnai et al., 2016). Several studies 
show that establishing trust in a salesperson is the first step 
in  trust-building and has a significant influence on customer 
loyalty (Ganesan & Hess, 1997; Gansser et al., 2021). This is 
because sales representatives in B2B act as trust ambassadors: 
when buyers trust them, this trust often extends to the com-
pany as a whole (Doney & Cannon, 1997). In addition, cogni-
tive trust is based on rational considerations and encompasses 
calculative perception (Johnson & Grayson, 2005). It is based 
on observable information, such as professional expertise, 
keeping promises, and clear communication. 

In order to examine both the affective and cognitive dimen-
sions of trust in sales communication, the technical purchasing 
department was selected as the communication recipient and 
test subject of this study. This department is well-suited for 
this investigation because it combines the interpersonal level of 
trust (= affective dimension) between buyer and seller and the 
rational purchasing behavior that characterizes the procurement 
department (= cognitive dimension) (Dowell et al., 2015; John-
ston & Lewin, 1996). Although this study distinguishes between 
human- and AI-generated communication content, the same in-
terpersonal trust scale was used for both because research shows 
that technologies with human expression, such as AI-generated 
emails, use the same psychological mechanisms of trust-building 
as interpersonal communication (Choung et al., 2023; Lankton 

Management Summary

This article explores how disclosed AI-generated 
sales communication influences the trust of technical 
purchasers during the early phase of business-to-
business relationships. Using an experimental vignette 
design, the study compares affective and cognitive trust 
dimensions when similar message content is sent by 
a human versus an AI source. The results show that 
disclosed AI sales communication leads to a reduction 
in affective trust and the sub-characteristics competence 
and integrity of cognitive trust. However, reliability and 
information usefulness are rated similarly, suggesting that 
a hybrid approach combining human and AI elements 
can improve efficiency without undermining trust.

Source: Own illustration.

Trust Dimensions Characteristic(s) Literature

Affective Trust 
Benevolence: Assumption that the partner genuinely cares about the other  
party’s well-being and not just their own interest.

• Mayer et al. (1995)
• Stanko et al. (2007)
• Weitzl (2017)Pleasantness of communication and interpersonal style.

Cognitive Trust

Ability: Technical expertise in the relevant context.
• Mayer et al. (1995)
• McAllister (1995)
• Morgan & Hunt (1994)

Integrity: Trustee adheres to a set of principles that the trustor considers acceptable.

Reliability: A reliable partner is someone whose words and actions are dependable  
and comprehensible.

Perceived Relational 
Investment

Perception that the sender makes meaningful efforts or sacrifices that go beyond short-
term gain.

• Valtakoski (2015)
• Ashnai et al. (2016)

Situational Normality Perception that the communication style is appropriate and socially expected.
• McKnight et al. (1998)
• Doney et al. (2007)

Perceived Information 
Usefulness Extent to which the message is relevant and useful.

• Jeong et al. (2025)
• Thomas et al. (2009)
• Nicolaou & McKnight (2006)

Table 1: Dimensions and Characteristics of Trust Examined in This Study
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et al., 2015). Interpersonal scales are particularly suitable when 
AI performs tasks traditionally reserved for humans, such as 
personal customer contact (Glikson & Woolley, 2020).

Based on this theoretical foundation, the present study op-
erationalizes two core dimensions of trust – affective and 
cognitive – using established subcomponents. In addition, the 
model considers three contextual factors that can influence 
trust perception in early buyer–seller interaction, particularly 
in the context of AI-mediated communication. Perceived rela-
tional investment refers to the extent to which recipients feel 
that the sender has made meaningful efforts or sacrifices that 
go beyond standard, efficiency-driven communication (Valta-
koski, 2015). If such investment is lacking, trust is negatively 
impacted, and potential buyers may be less willing to pursue 
the business relationship (Ashnai et al., 2016). Situational nor-
mality captures whether the communication style aligns with 
social expectations in a business context (McKnight et al., 1998). 
Lastly, perceived information usefulness reflects the degree 
to which the content is seen as relevant, clear and tailored to 
prior exchanges (Nicolaou & McKnight, 2006; Thomas et al., 
2009). Table 1 provides an overview of the operationalized 
dimensions and influencing factors.

Design of the Experimental Study 
This experimental study examines the effect of disclosed 
AI-generated sales communications on the aforementioned 
dimensions of trust among procurement professionals. For 
this purpose, a fictitious but realistic follow-up situation was 
assumed, in which a procurement professional was contacted 
by the sales department of a company via email shortly after 
visiting their trade fair stand. The study compared the effect 
of two types of messages on the trust level of the procurement 
professional: messages written by a human sales representative 
(Scenario A) and messages with disclosed AI-generated content 
and sender (Scenario B). 

The study design is based on the experimental vignette meth-
odology, in which realistic, hypothetical scenarios are devel-
oped to manipulate specific independent variables – in this 
case, the type of communication (Aguinis & Bradley, 2014). 
This approach is particularly suitable for ethically sensitive 
topics, such as trust, as it does not require any real actions 
with potentially negative consequences for the participants. A 
within-subject design with staggered measurement points was 
chosen for the study. The main advantage of this design is that 
interindividual differences can be ruled out because the same 
individuals undergo both experimental conditions (Döring, 
2023). This increases the internal validity, i.e., the probability 
that differences in the dependent variable (trust) are actually 

Source: Own illustration.

Figure 1: Methodical Approach  
of the Vignette Experiment

22 Participants
= a total of 210 years of professional 

procurement experience 

Group-1:
n1 = 11

Ø Age: approx. 42 yrs 
Gender:  

9 Male, 2 Female
Cumulative experience:  

114 yrs   

Group-2:
n2 = 11

Ø Age: approx. 39 yrs 
Gender:  

10 Male, 1 Female
Cumulative experience:  

96 yrs   

Division of sample into two  homogeneous groups
→ Criteria: age, gender, professional experience  
in procurement

Group-1:
Scenario A: Email with 

human-generated 
content & human sender

Group-1:
Scenario B: Email with 

AI-generated  
content & AI sender

Group-2:
Scenario B: Email with 

AI-generated  
content & AI sender

Group-2:
Scenario A: Email with 

human-generated 
content & human sender

Conducting the experiment  
via online surveys

Time interval of 3 weeks

First measurement

Second measurement

3 Evaluation of  hypotheses using paired sample t-tests

2

1
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due to the manipulation (Hussy, 2013). Figure 1 presents the 
applied methodology in a three-step approach.

The sample comprised 22 active procurement professionals 
from the B2B sector with a total of 210 years of professional 
experience. The age structure was balanced, with the majority 
of respondents between 30 and 50 years old and one-third 
under 35. Nineteen of the participants self-identified as male 
and three as female. Figure 2 provides an overview of the de-
mographic composition, including age, gender, professional 
experience, company size, and industry. 

The presented methodological design carries the risk of so-
called order effects (e.g. anchoring effects) (Weimann & Bro-
sig-Koch, 2019). This means that a first scenario can act as a 
reference point for a second scenario, which can systematically 
distort the results. To counteract such order bias, counter-
balancing was performed. The sample was divided into two 
groups that went through the conditions in reverse order (Ho 
& Min, 2025). In addition, a three-week interval was planned 
between the two survey dates to strengthen the separation 
of the conditions – an approach that also provides protection 
against order effects (Charness et al., 2012). Thus, as a first step, 
the sample was counterbalanced and divided into two groups 

that were as homogeneous as possible using judgmental 
matching (Rogers, 2014). This quasi-experimental procedure 
does not involve randomization, but rather a structured assign-
ment based on research-relevant characteristics (Shadish et al., 
2002). This targeted matching allows confounding factors to be 
balanced out in advance. The groups were divided according to 
the following criteria: age, gender distribution, and cumulative 
procurement experience. This resulted in two groups with 
average ages of 42 and 39 years, 2 women vs. 1 woman, and 
114 vs. 96 years of procurement experience. 

In a second step, the vignettes were presented in two online 
surveys. Both surveys used a uniform setting that placed 
the participants into the role of a strategic buyer at the Han-
nover Messe industrial trade fair. There, participants held a 
conversation with Monitura, a start-up that offers a software 
solution for visualizing production data. This fictional com-
pany was deliberately chosen to counteract the phenomenon 
of placed trust, which often occurs in the early stages of 
business relationships (Huang & Wilkinson, 2013). The ex-
perimental manipulation consisted of two follow-up email 
messages after the trade fair conversation. The messages had 
a similar structure, content, and language style, but different 
senders: In one case, the message came from a human sales 

Source: Own illustration.

Figure 2: Demographic Characteristics of the Experiment Participants (n=22)

Gender

Male 86%

Female 14%

Sectors

Aviation / Tra�c Sector 41%

Automotive 32%

Mechanical  Engineering 27%  

Participating Companies Grouped by Industry and Workforce Size

Age

Up to 25 9%       

26 to 35 36%                   

36 to 45 18%

46 to 55 28%

From 56 9%

Professional Experience in Purchasing  (in years)

Up to 5 36%

5 to 10 18%

10 to 15 14%

15 to 20 18%

From 20 14%

Job title

Selection of most common responses, as titles vary widely:      

Team Leader/Head of Procurement, Procurement Professional,   

Head of Department Purchasing, Strategic Purchaser, etc.

Airlines & Airport 
Operations 

~ 9,100 Employees

Automotive Manufacturing & 
Mobility Services ~ 159,000 Employees

Industrial Engine 
Manufacturing

~ 1,060 Employees

Machinery 
Manufacturing 

~ 15,000 Employees

Rail & Commercial Vehicle Systems 
~ 33,000 Employees

54

Schwerpunkt  AI-gestützte Kommunikation & Customer Interaction



Marketing Review St. Gallen    1 | 2026

manager (Scenario A); in the other case, the message came 
from an AI-supported system (Scenario B). The design was 
based on a real email layout in order to increase the degree of 
immersion – a factor that significantly improves the realism 
and thus the validity of vignette experiments (Aguinis & 
Bradley, 2014). The two email messages and scenarios are 
shown in Figure 3.

After reading the emails, the participants were asked to eval-
uate 17 statements that were operationalized along the theo-
retical dimensions of trust. A four-point Likert scale (from 1 
= “I strongly disagree” to 4 = “I strongly agree”) was used for 
this purpose. According to Joshi et al. (2015). Likert scales are 
particularly suitable for measuring subjective perceptions. The 
choice of a four-point scale with clearly labeled response options 
is based on recommendations for reducing cognitive load on 
respondents and improving comprehensibility and acceptance 
(Moosbrugger & Kelava, 2020). 

As a third step, based on the results of the participants’ answers, 
paired sample t-tests were used for the statistical evaluation. 
This method is appropriate for within-subject designs, as it tests 

Source: Own illustration.

Figure 3: Left: Scenario A – Email With Human-Written Content and Sender;  
Right: Scenario B – Email With Disclosed AI-Generated Content and Sender

Main Propositions

1	� Disclosing the use of an AI sender in sales 
communication weakens trust during the early 
stages of B2B interactions.

2	� Compared to AI, human sales communication 
creates stronger affective trust through emotional 
warmth.

3	� For human senders, cognitive trust is higher as the 
trust characteristics competence and integrity are 
perceived more clearly. 

4	� AI-generated messages receive comparable ratings 
for the trust characteristics perceived reliability and 
usefulness.

5	� Combining human interaction and AI-generated 
content allows for an efficient and trustworthy 
exchange in early sales communication. 
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for differences in means between two dependent measurement 
series within the same sample (Bortz & Schuster, 2010; Keskin 
& Aktas, 2013). The statistical analysis was performed using 
SPSS software to ensure standardized calculations and reliable 
interpretation of the results.

Results and Recommendations
The evaluation of the experimental study using paired t-tests 
for each trust dimension listed in Table 1 showed that messages 
written by human sales representatives were rated significantly 
higher in most dimensions of trust (see Table 2). A separate 
hypothesis was formulated for each dimension (characteristic) 
of trust, (see Table 2, left column) and statistically verified 
based on the responses of the procurement practitioners. In 
particular, the two affective trust characteristics – perceived 
benevolence and pleasant communication – were significantly 
higher for messages written by a human sender (Scenario A). 
The same pattern was found for the cognitive trust character-
istics competence and integrity, as well as for the contextual 
factors relational investment and situational appropriateness. 
Hypotheses 1a, 1b, 2a, 2b, 3, and 4 are therefore supported. By 
contrast, no significant differences were found for the trust 

characteristics reliability as part of cognitive trust and informa-
tion usefulness. Although the mean values were slightly higher 
for human-written messages in both cases, the differences did 
not reach statistical significance. Hypotheses 2c and 5 could 
thus not be supported. 

These results show that disclosing the use of AI in the explora-
tion phase of a B2B relationship can undermine interpersonal 
trust in key areas. This is particularly true for affective charac-
teristics, such as perceived benevolence and pleasant commu-
nication, which are strongly linked to interpersonal signals. 
During this early phase, personal contact is apparently expected 
to contribute to relationship building in both content- and emo-
tion-related aspects (Schmitt et al., 2025) – a capability that AI 
does not possess to the same extent despite its similar language 
style. Clear advantages for human senders were also found for 
the cognitive characteristics of competence and integrity. This 
effect may be due to the fact that expertise and moral integrity 
are more often associated with human actors than with tech-
nological applications (Glikson & Woolley, 2020). Interestingly, 
there was no significant difference for reliability. This suggests 
that AI can already achieve consistency and clarity of statements 
at a level comparable to human communication (Chatterjee et 
al., 2022). A similar picture emerges for information useful-

Source: Own illustration.

Figure 4: Hybrid Communication Approach: Efficiency Through AI  
and (Affective) Trust Through Human Signals

AI: Content Creation

Who?	 AI system  
	 (e.g., CRM-integrated AI)

Tasks:	 • Draft initial message
	 • Provide structure and linguistic clarity
	 • �Insert factual information,  

product details, or scheduling options

Benefits:	 • �Time saving
	 • �Consistency and clarity
	 • �Content relevance

1 Human: Finalization & Sending

Who?	 Sales representative

Tasks:	 • �Personalization  
(context and recipient-specific details)

	 • �Convey emotional trust signals 
(benevolence, empathy, personal touch)

	 • �Ensure commitment and situational 
appropriateness

Benefits:	 • �Build affective trust
	 • �Strengthen perception of competence/

integrity
	 • �Signal relational investment

2

Situation:
Trust-sensitive customer communication (e.g., trade 
fair follow-up, first contact after initial meeting etc.)

Hybrid Communication Approach
→ Efficiency through AI and trust  
through human signals
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Note: “A” refers to an email message with human-written content and human sender (Scenario A) and “B” refers to an email with AI-generated content and AI sender (Scenario B). 
Source: Own illustration.

Hypothesis Mean difference between  
Scenarios A and B  
with 4-point Likert scale  
 

(1 = strongly disagree, 4 = strongly agree) 

Result  
(paired t-test)

1: The disclosed 
use of artificial 
intelligence in the 
exploration phase 
leads to a lower 
level of affective 
trust in the sender 
compared to 
human-written 
messages.

1a: Human-written 
messages are perceived as 
more benevolent than  
AI-generated messages.

B = 2.50 

A = 3.05 Human-written messages were perceived 
as significantly more benevolent than  
AI-generated messages, t(21) = 4.03,  
p < .001 (one-sided).  
Hypothesis 1a is thus supported.

1b: Human communication 
is perceived as more 
interpersonally 
pleasant than AI-based 
communication.

B = 2.50 

A = 3.09 Human communication was perceived  
as significantly more pleasant than  
AI-based communication, t(21) = 4.86,  
p < .001 (one-sided).  
Hypothesis 1b is thus supported.

2: The disclosed 
use of artificial 
intelligence in the 
exploration phase 
leads to a lower 
level of cognitive 
trust in the sender 
compared to a 
message written  
by a human.

2a: Messages with a human 
sender are considered  
more competent than  
AI-generated messages.

B = 2.45

A = 3.00 Human-written messages were perceived 
as significantly more competent than  
AI-generated messages, t(21) = 2.94,  
p = .004 (one-sided).  
Hypothesis 2a is thus supported.

2b: Human-written 
messages lead to  
a higher perception of 
integrity than AI-generated 
messages.

B = 2.36

A = 2.88 Human communication was rated  
significantly higher in terms of integrity than 
AI-based communication, t(21) = 4.50,  
p < .001 (one-sided).  
Hypothesis 2b is thus supported.

2c: Human communication  
is rated as more reliable  
and consistent than  
AI-based communication.

B = 2.57

A = 2.93 Human messages were perceived as more 
reliable on average, t(21) = 2.16, p = .021 
(one-sided). After Bonferroni correction, 
the result is no longer significant. 
Hypothesis 2c could not be supported.

3: The intention to deepen the business 
relationship after initial contact is higher after 
receiving a message written by a human than 
after receiving a message disclosed as being 
generated by AI.

B = 2.64

A = 3.00 The intention to deepen the business 
relationship after the initial contact was 
significantly higher after a human-written 
message than after an AI-generated  
message, t(21) = 3.65, p < .001 (one-sided). 
The result is considered significant.  
Hypothesis 3 is thus supported.

4: Human-written messages are perceived  
as more appropriate to the situation and more 
 in line with business expectations than  
AI-generated messages, especially following a 
personal contact at a trade fair.

B = 2.30 

A = 3.00 The mean values showed a clear difference 
between the two scenarios. A t-test for 
paired samples revealed a significant  
difference, t(21) = 4.07, p < .001 (one-tailed).  
Hypothesis 4 is thus supported.

5: Human-written messages are perceived  
as more useful and better tailored to previous 
exchanges than AI-generated messages. B = 2.61

A = 2.84 Although the mean value in the human 
scenario was slightly higher than in the  
AI scenario, this difference was not signi-
ficant with t(21) = 1.64 and a one-sided 
p-value of .058. The 95% confidence inter-
val of the mean difference [–0.061; 0.515] 
encompasses the value 0.  
Thus, hypothesis 5 could not be  
supported.

Table 2: Overview of the Results of the Experimental Study
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Lessons Learned

1	� AI can support the creation of clear and consistent 
sales messages but should be complemented by 
human communication in trust-sensitive phases of 
the customer relationship.

2	� Human involvement should emphasize perso- 
nalization, empathy and contextual adaptation to 
convey benevolence, integrity and relational investment, 
fostering affective trust beyond AI’s capabilities.

3	� While the disclosed use of AI communication may 
reduce trust in early sales stages, its potential 
emerges in later relationship phases when efficiency, 
structure, and consistency gain importance. 
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